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Housekeeping Tips

I ¢ ®

« Today's Webinar is scheduled for 1 hour

*  The session will include a webcast and then your questions will be answered live at the end of the presentation

« All dial-in participants will be muted to enable the speakers to present without interruption

* Questions can be submitted to “All Panelists” via the Q&A option and we will respond at the end of the presentation

«  The webinar is being recorded and will be available on our Success Portal - where you can download the slide deck for
the presentation. The link to the recording will be emailed as well.

+ Please take time to complete the post-webinar survey and provide your feedback and suggestions for upcoming topics.
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More Information

U

Success Portal Communities & Support

https://success.informatica.com https://network.informatica.com
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Documentation

https://docs.informatica.com

University

https://www.informatica.com/in/s
ervices-and-training/informatica-
university.html



Safe Harbor

The information being provided today is for informational purposes only. The
development, release, and timing of any Informatica product or functionality
described today remain at the sole discretion of Informatica and should not be
relied upon in making a purchasing decision.

Statements made today are based on currently available information, which is
subject to change. Such statements should not be relied upon as a
representation, warranty or commitment to deliver specific products or

functionality in the future.
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Agenda

1. Generative Al Challenges for Enterprise Scale
2.Enabling Patterns for Enhancing Enterprise GenAl
3. 0verview of GenAl Enablers in CDGC

4. Overview of GenAl Enablers in MDM

5. Case Study
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The State of Generative Al for Enterprise

Events Video Special Issues Jobs ventureBeat

9 :
Artificial Intelligence v  Security v Data Infrastructure v = Automation v Enterpr C

Why enterprise RAG systems 6 hard truths of

fail: Google study introduces generative Al in the
‘sufficient context’ solution enterprise

Harvard University
https://ui.adsabs.harvard.edu» abs » abstract :

RAG Does Not Work for Enterprises = BG

@ENTER FOR INFORMATION SYSTEMS RESEARCH Q Al Adopt]()n 'in 2024: 740/0 Of
o Companies Struggle to
MANAGING THE TWO FACES OF Achieve and Scale Value

GENERATIVE Al
(‘ Informatica

McKinsey
& Company

Tech &Al

Overcoming two issues
that are sinking gen Al
programs

June 6, 2025 | Article




The “Stochastic Parrot”

The term "stochastic parrot” refers to a critique
of large Al language models, highlighting that
they generate text by statistically predicting the
next word based on patterns learned from its
training data, without true understanding.

These models essentially "parrot” or mimic
human language probabilistically rather than
reasoning or comprehending meaning.

This concept raises important questions about
the ethical use, transparency, and limitations of
Al-generated content.
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The Three Sources of Enterprise Knowledge & Intelligence

Unstructured Data Golden Record Metadata

3

Fluid - Adaptability Solid - Authoritative Frame - Structural Integrity
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Case Study: Sports Apparel Recommendation Chatbot

@ Hendrawirawan, David ]

| am looking for an Adidas weatherproof trail

boots, for men's size 11

{® InfaChatGPT 0 &

Great! Just to make sure | help you find the
perfect boots, could you please tell me which

color you prefer?

@ Hendrawirawan, David ﬂ

Dark brown.

(¥ InfaChatGPT 0 &

Thanks! Are you looking for a particular style
of trail boots, such as more rugged hiking
boots, lightweight trail runners, or something
else? Also, can you confirm if the size 11 is US

or UK sizing?
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Enabling Patterns to Enhance Generative Al

AN
Controlled Vocabulary & Semantic Tagging:
Use standard terms to tag data for consistent, searchable, and contextual understanding.
\
Knowledge Graph:

Integrate ontology and taxonomy to retrieve richer context and generate relevant outputs.

Advanced Entity Resolution:
Employ sophisticated matching algorithm and proprietary data for higher precision.

Reference Data Grounding:
=¥ Anchor responses on authoritative and trustworthy reference datasets.

Data & Model Lineage:
Track provenance for compliance, reusability, and faster troubleshooting.

.

Human-in-the-Loop:
Involve stewards in addressing complex identities and ambiguous scenarios.
/

S




Example: CDGC and MDM-Enhanced RAG

Biz Ontology & Linea g o Reference Master  Data
Glossary Taxonomy Data Data  Stewards
= *k e E
Classify & tag ’ ‘ Include human oversight
dOZUTZn ts & Incorporate semantic Enrich retrieval with inr ??OIVIng complex .
atabases model and contextual authoritative golden entities and relationships
STRUCTURED provenance into the records and 360 view
DATA embedding process across the enterprise
O
OO0
OLL
— — —
OC)O @
L« T v
OGQGOQ CHUNKING VECTOR RETRIEVED RESPONSE
°<> DATABASE CHUNKS GENERATION
UNSTRUCTURED
DATA
Text Embedding Model Large Language Model (LLM)
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CDGC Enhances GenAl...

« QUALITY — Improving Al Outputs with Meaning, Relationship, and Structure
* Business Terms — Al-Mapped to Technical Metadata
« Taxonomy — The Hierarchy of Domains, Sub-Domains, and Business Terms
* Ontology — The Relationship among Business Terms

« RESPONSIBILITY — Enforcing Al Controls with Lineage Discovery and Policy Automation
« PII Discovery and Auto-Classify Highly Sensitive Data
» Apply Data Quality Rules Consistently
« Govern the Approval Process for Al Data Usage
« Enforce Controls Through an Enterprise Policy Metadata Store

* AGILITY - Speeding Al Projects from Idea to Production with Transparency
« Publish Certified, Al-Ready Data Assets (Including Data Marketplace Integration)

« Clarify Governance Accountability Through Data Stewardship Assignment
» Accelerate with Al Model Lineage and Data Flow Visibility

(‘ Informatica




CDGC Enhances GenAl QUALITY

E Business Terms — Al-Mapped to Technical Metadata
—
x Taxonomy — The Hierarchy of Domains, Sub-Domains, and Business

.. Terms

“%*  Ontology — The Relationship among Business Terms

(‘ Informatica
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Example Biz
Terms for
Customer

Domain

Glossary x Glossary Refalionship

Individual

P (Domair)

Employes Cuslomer
(Damain) (Demain)
Horme Address Hhﬁtf:g:mﬂ
i-Daamain) Dacumenis
(Palicy]
Salary
[Terrm} Do red use in
Lesgal
Documans
Mational 1D (Policy)

[ Term]

Birth Dala
(Term)

No need 1o create Home —vs- Cell Phone since theyre just
phone #'s, and beth would have the same security and Pl policies.

Fil Categorias
(Podley)

Legal Mame
(Sub-Daomain)

Preferred Mame
{Subs-Damain)

Personal Phons
[ Tarm}

© Informatica. Proprietary and Confidential.
Source: http://velocity.informatica.com/stages-data-governance/dgc-plan/dgc-plan-bestpractices/950-glossary-design-bp

Party

(Domain)

Mame
{ SuD-Dormain)

Glossary x Glossary

rLalalprshie

Glossary x Glossary Relationship

Organization

Busness

Seneilivity (Domain)
[Palicy}
hiust be used
In Legal
Diacurnins
{Palicy}
Organization
Incarporation Name
(Term) Do not wea in
Lagal
h§ Dacumants
Orgamization DBA {Falicry)
Name .
(Term]
i Mo need fo create Work vs
i Coll Phone since they're just
i phone #5, and both would
| have the same security and
[ Pl policies unless cell work
¥ phome is more private than
desk work phane,

Busin Phone .

[Temm)



http://velocity.informatica.com/stages-data-governance/dgc-plan/dgc-plan-bestpractices/950-glossary-design-bp

Business Terms — Al-Mapped to Technical Metadata

& CURATION_RECOMMENDATIONS_1743710298823 / 8 orcl21c /8 DQ_AUTOMATION /@@ DEMO /

1 Phone Number_Demo ¢

COLUMN PHONE_NUMBER

Overview Lineage Relationships Data Quality Data Observability Reference Data Stakeholders Attributes Ticke

Technical Description

Glossaries ® + -
Accepted (2) CLAIRE™ Recommendations (1)@ Declined (0)
| E Country_Demo x| |: E Phone Numbe... | No declined Glossary assets.

|@ Phone Numbe... x
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Taxonomy of Business Terms — Customer Domain
[::] Party Data

DOMAIN
e
Overview Hierarchy Relationships Data Quality Stakeholders Tickets History
Content
Name T Type Description Alias Names
v [ PartyData [7) Domain Data related to customers of the organi.. -
> BN Corporate Data (9) Subdomain Corporate Data covers the data element...
> [ Customer Master (1) Business Term customer master table curated & certifi.. customer master, ¢
» [ Party Data- Classifications (1) Business Term Classiifcations related to a corporate en...
» BN Party Data- Core Entities (15) Subdomain This category defines core elements wh...
@ PartyID Business Term The party ID i= the numeric representati..  customerKey, custc
v [N Personal Data (11) Subdomain Personal Data covers the data elements...
v BH Biometric Information (4) Subdomain A defined term that means physiclogica...
~ [@ Behavioural Characteristics (4) Business Term Any data relevant to a customer's health... -
[ Ewxercise Patterns Business Term Inforrmaton related to the frequency and...
[l Gait Pattems Business Term The gait cycle is a repetitive pattern invo...
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Ontology of Business Terms

[:] Party Data

DOMAIN
Overview Hierarchy Relationships Data Quality Stakeholders Tickets History

20 Al S Process 4 Business Term 3 Policy 8 Others o EE VY | Find

Name Type Hierarchy How It Is Related

[ Corporate Data Subdomain Party Data —» Party Data is the Parent of (¥ Corporate Data

(2 Marketing Business Area Top Level —» Party Data is Related to (2, Marketing

& Know Your Client (KYC) Process Process Top Level «— ¥ Know Your Client (KYC) Process is used for Process Party Data

«® Order iz Shipped Process Top Level 4— ¥ Order is Shipped is used for Process Party Data

& Pl Business Term Party Data —» Party Data is the Parent of [@ PII

2 Human resources Business Area Top Level —» Party Data is Related to (2 Human resources

i Personally Identifiable Information ... Policy Terms of Use +— [ Personally Identifiable Information (PIl) Data Terms o... is Regulating Party Data

B Comply with CCPA Project Top Level +— [ Comply with CCPA is Related to Party Data

(2 Store operations Business Area Top Level —s Party Data is Related to (2 Store operations

«® Collecting and Retaining Client Det... Process Top Level «+— ¥ Collecting and Retaining Client Details is used for Process Party Data

«® Order Management Process Top Level <— 3 Order Management is used for Process Party Data

“ Informatica



Related Governance Assets — Party Data

+ +
2 3
Subdomain Policy
% [& Party ID
+ —_ $ [2] Customer Master
3 [::] 4 =@=7
» & P
Business Area Party Data Business Term
h[ [& Party Data - Clas.. 1
+ + [&] Party Data - Classifications
2 5 BUSINESS TERM
EI Party Data / E Party Data - Classifications
Project Process

Description:
Classiifcations related to a corporate entity or individual that

(‘ Informatica



CDGC Enhances GenAl RESPONSIBILITY

Q Pll Discovery and Auto-Classify Highly Sensitive Data

~/ Apply Data Quality Rules Consistently Based on Business Term Level

= Govern the Approval Process for Al Data Usage

ﬁ Enforce Controls Through an Enterprise Policy Metadata Store

(‘ Informatica
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CDGC Auto-Discovers Al-Related Assets

Govemance Assels Al Project: Talent Development Optimization
221.3K 126
B Custinas Taren ki e Y, 3
104 88
S iEcrias B ke caaser | 3
68 55 ancce | 1
fF Data Set &1 Domain
38 2
£ Fysem b= Mbeanic

Al MODEL Employee Performance & Develo... Talent Development Optimization - CDE

Cble Dk Bl : Name Description
Employee ID An Employee Identifier it
" e
Manager Identifier Manager ldenufieris au
Errgiores Informaton Duta Polcy The purpose o the poli
Curta Privascy Rigis Tris pofcy Cuthnes th ¢ Department A Department is 2 struct

G Informatica © Informatica. Proprietary and Confidential.



Pll Discovery and Auto-Classify Highly Sensitive Data

Technical Datasets without a Classification

1.9K 47 13
f Table [& View &? Data Set
10 3 2
i:i Flat File i1 Unresolved Vie... ;i1 SOL Seript

i 2 Sensitivity Level 2

Technical Datasets with Sensitivity Level 2

Name Description

SkillAssessment Skill Assessment is a st
EmploysePerformanceReview An Employes Parforman
EmployseFeedback Employee feedback repr

DATA ENTITY CLASSIFICATION

Overview | Associations Relationships

Description

Table/Views with any 2 of the following classifications

Classification Scope

Include any 2 classifications of :
(™ 2 email | (B3 2 usassh | (B3 2 ssh ) (B 2 usaln
[E L First Name ] [ m 2 Employee ID ] [E 2 Manager ID ]

(B S USA Individual Tax Identifi... | [ & USA Driving License |

(‘ Informatica



Apply DQ Rules Consistently To Business Term

Data Quality for project Talent Development Optim
Auto-department-Co...

DATA QUALITY RULE OCCURRENCE

Overview Related Assets (2)

@ Not Acceptable; 0

Description: 9 Acceptable: 1
Depannmentisnot e

pe o @ Good: 8
Hierarchy: ©
@ HRTALENT /... / [J department

Custom Attributes: ©

Dimension: Data Quality Scores: Acceptable (1) Find Q| ¢ 1
Completeness
Last ted: Filter Threshold Result: Acceptable v X
Jul 22, 2025, 934 PM

Name Dimension Score Total Rows Falled Ro
Reference ID: © ) lAutodepertmem-(:omplmemss-oepanme Completeness 70% 100 3
Auto-688d41930-502a-4e14-9%934-bf 1ccd14e7al-8¢.

(‘ Informatica



Govern the Approval Process for Al Data Usage

<> Manage asset Project Al Sales Predictions Use Case STATUS] || ceiaRoes S| S SEVEROY S MR aRRcY
APPROVAL REQUEST FOR CREATE m 27 High Major
Overview History
Data and Asset Identification Unclaim Asset Details
Assigned To: Due Date: E Al Sales Predictions Use Case @
JA Due in 8 Days (Aug 15, 2025) Project
Description: I

#1 - Catalog datasets used (including personal/sensitive data). #2 - Identify assets: software, models, infrastructure, APIs, etc.

Stakeholders

u LaygmcE S
a NIST - Al Engineer

Description & AlRisk Manager
NIST - Risk Manager
starting new Al project to improve sales forecast for Sales BU & CRM BU & Al Security Team
NIST Security Team
5'3 Al System Owner
NIST - Al Systern Owner
Workflow Overview

™o nevien

Status

& On - Identify Risk Created By
Data and Asset Identifica

1
1
1
|
|
:
f tion JA" John Admin on Aug 5, 2025, 5:18 PM
|
|
1
1
1
1
1

NIST - Al Engineer

Decision 1

Updated By
JA  John Admin on Aug 5, 2025, 5:21 PM

7 @

- Revjew Egrich () @
. n b
& e el - =

E e =

(‘ Informatica



CDGC Enhances GenAl AGILITY

b Publish Certified, Al-Ready Data Assets (Including Data Marketplace
o Integration)

Clarity Governance Accountability Through Workflow Timeline

AS S Q¥
1l

QQ Accelerate with Al Model Lineage and Data Flow Visibility

“ Informatica



Publish Certified Al-Ready Assets to Marketplace

Q sales forecast

Filters

v Asset Type (24)

| Find Q \

| Field (133) | | Table (50) | | Al Model Core Version (44) J

[ Reference Data Set (13) | [ Folder (12) | [ Dataset(12) |

| Report(11) | | View (6) | | AlModel (5) |

| Notebook Definition (4) |

Show 14 More

v Catalog Source Type (6)

Select v

v Additional Filters @

> Catalog Source N

> Created By (2)

> (i‘reatsd Oon

Search Results (317)

¢ sales_forecast_output

DATA SET | ¢ DataBricks Sales Predictions

& Enriched Sales Forecast e
DATASET | (O Delta Lake

Enriched Sales Forcast - Access request[image)

¥ Sales Forecast Prediction @
AIMODEL | Top Level

We used Databricks Auto Al/ML engine to ident{ly the best ps

& Al ML Sales Forecast &)
DATASET | (3 PowerBI

contains sales Forecast enriched by Al / ML Preview{image]

uﬂ@

1 8 8 & & U]

1 8 8 & & dv)

iction model giving best results with highest con...

1 8. 8 & & U

(¥ Sales Forecast Prediction @

This asset is linked to one or more Data Products in Data Marketplace.

1 8 8 & & JU)

fet model.Prophetis a ...

We used Databricks Auto Al/ML engine to identify the best prediction model giving best $ee: mode propnetisa .

(‘ Informatica

Save Search

4 Sales Forecast Prediction

Al MODEL

Overview Related Asset *4)

Description:

We used Databricks Auto Al/ML engine to identify the best prediction model giving best results with
highest confidence, which is Profet model.

Prophet is a procedure for forecasting time series data based on an additive model where non-linear
trends are fit with yearly, weekly, and daily seasonality, plus holiday effects. It works best with time
series that have strong seasonal effects and several seasons of historical data. Prophet is robust to
missing data and shifts in the trend, and typically handles outliers well.

Prophet is open source software released by Facebook's Core Data Science team. It is available for
download on CRAN and PyPI.

Output Preview
22-12-14-10:18-Prophet-autoML-sales-forcast-prediction  Python v

File Edit View Run Help Last edit was 4 minutes 39 k
3 if use_plotly:
4 fig = plot_plotly(model, predict_pd, changepoints=True, trend=True, figsize=(12008, Gea))
5 else:
6 fig = model.plot(predict_pd)
7 a = add_changepoints_to_plot(fig.gca(), model, predict_pd)
8 fig

2000

e —eo——d e = .
01101 201105 1109 201201 201205 201209




Accountability
Through Data
Stewardship
Assignment
and Audit

T I'a | | Workflow Timeline

& #1
. J—

T - Al System Owner

- Preparation and Scope Definition

° #1 - Define the Al system boundaries and components. #2 - Identify relevant business objectives and
compliance requirements. #3 - Gather stakeholder list and assign roles for the assessment.

Completed on Aug 5, 2025, 5:19 PM as #2 - Review Enrich by John Admin with comment ‘need sales & CRM to enrich the
use case definition. Missing main scope’

Review Business Requirements

Q Completed on Aug 5, 2025, 5:20 PM as #1 - Enriched by John Admin with comment ‘'scope updated with additional
informations'

© Informatica. Proprietary and Confidential.




Al Model Lineage and Data Flow Visibility

Data Quality: Aggregated

[ 62.72% Na Charge

Data Quality: Aggregated

[ 63.59% na Charge

Data Quality: Aggregated

EEE 50.26% Ma Charge

(‘ Informatica

uzed to Train
model

| Data Quality: Aggregated

used to Train [# sales_forecast_model - Version...
modal

used to Train ~

Data Quality: Aggregated

[% Gradient Boosting

Data Quality: Aggregated

B Random Forest

Data Quality: Aggregated

(¥ XGBoost

Dj opt-4-32k-0613

(% Mistral 78



Al Model Lineage and Data Flow Visibility

& Delta Lake AdventureWorks / & unitycatalogspn / 8f adworksforcast / :i: sales_forecast_model /

Tickets History

Find Assets

v § Delta Lake AdventureWorks

Vv E)c adworksforcast

1

[ enriched_sales_set1

[ eniched_sales_set2

25 4

Al MODEL CORE VERSION Version 34

d ™
Overview Contains Lineage Relationships Stakeholders Attributes
| Data Set Level v l [ Overlay Selected: Certification, Data Obse KJ
v @ Delta Lake AdventureWorks 1 v @ DeltaLake AdventureWorks 1
| \
v x adworksforcast 1 g Vv gc adworksforcast 1 | J,—e
i demovi [ enriched_sales_forcast 1

[ enriched_sales_set3

(‘ Informatica

v @ Delta Lake AdventureWorks

v

v

sales_forecast_model

 Version 34

1
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How MDM Enhances GenAl
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MDM Enhances GenAl...

« QUALITY - Reduce Al Hallucinations Through Advanced Entity Matching
» Superior Matching Technology & Al-Augmented Algorithm
« SSA NAME3 - Provides Cultural Context & Localization Based on Proprietary Data
« Product Data & Attributes Consistency for Al

« RESPONSIBILITY — Provide Enterprise Single Source of Truth for Master and Reference Entities
« Prevent Al from Consuming Unverified or Duplicate Data
« Maintain Controlled Values Through Governed Reference Data
« Enforce Human In The Loop in Entity Resolution

* AGILITY — Assure Trust in Master Data Across-Systems
* Golden Record Survivorship Rule Provides Full Traceability and Trust
» Synchronization Across Systems with Change Data Capture
* Match Tuning Process For Ongoing Reliability

(‘ Informatica



MDM Enhances GenAl QUALITY
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MDM is Foundation for
Intelligent 360 View of Enterprise Data

Profile =N\ Relationships

Business
& Consumer
Information

Supplier
Relationships

Business
Relationships

Products
& Services

Contact
Preferences

Contact
Information

Household
Relationships

Billing &
Contract
Activities

Marketing
Communication
& Responses

Sales Offers
& Activities

Service Issues
& Needs

Social Media IOT & Devices

I Interactions & Transactions




Match Technology is the |
Core of MDM orihographic

errors

Informatica has the world’s best matching
engine — used by more than 1400 organizations,
built over 30 years, covering 50+ Populations

Compound
and
account

name

. Superior data matching leverages structures
best-in-class algorithms

Proven technology with more
than 30 years of intelligence

Out-of-the-box rules for global country Multi-

opulations, language and character sets language
pop Jueg problems

Overcomes the error and
variations in the data Nicknamed
and

High performance for extreme abbreviations
data volumes




Cultural Context & Localization

Session System Population
6291456 USA_ORIG usa
Controls

PURPOSE=Resident MATCH_LEVEL=Conservative

Response Messages

Search Data

*Person_Name™Bill Rojo*Address_Part1*436 N Forest Ave™**
File Data

*Person_Name*Vilmos Rojo*Address_Fart1*436 N Forest Ave™**

C] Hex

Decision Score

Conservative
Typical

Loose

(‘ Informatica

SSA NAMES3
Proprietary Data

WILLIAM
WILLAHELM
VILMOS
WILAM
HELMI
UILLEAM
GWYLLIM
WM
GUILHERME
VILFFU
WIELHELM
UILLIAM
WIM

WLM

HETM
VILEM
VILJO
WILH

WILL




Proprietary |dentity Data vs. Open-Source Algorithms

Combination of proprietary data, methods, and algorithms for different classes of error and variation in identity data.

Entity Resolution Task Example Haﬁféeﬂigra?; Tfal "l/es:loﬁzztt:;ar;“g;iih
Standard Entity Recognition "Microsoft" as Organization Yes Yes
Nicknames & Aliases “Jack” for “John" No Yes
Sequence Errors "Mark Douglas" vs. "Douglas Mark" Limited Yes
Concatenation "Mary Anne" vs. "Maryanne’ Limited Yes
Localization / Cultural Variations | "Stanislav Milosovich" vs. "Stan Milo" No Yes
Phonetic Variations "Edinburgh” vs. "Edinborough” No Yes
Transliteration / Romanization "I RER" vs. "Taro Yamada" No Yes

* NLP Libraries (e.g., SpaCy): ** Informatica’s SSA-NAME3 DB:
« Use statistical models and linguistic patterns » Proprietary databases w advanced match algorithms

« Handle many standard errors

e Limited with custom errors like nicknames,

localization, or rare abbreviations

(‘ Informatica

« Handle complex, domain-specific variations and cultural

differences

» Deliver higher accuracy through curated knowledge




Product Master Data Example

s
o

Bl =

Product Tech Tuesday Valid

[
Madel Data Flow Consumption
Aftibutes  DalaQuality  Match  Survivorship B
=Y Show: | Enabled Fields A
Product
Basic Fickd: @ i -
5 T Praduct Master 1D 123 GTIN / UPC T Brand T PRoduc Line / Series T Model Mame
Tt !
i T Model Cade / SKU T Spors / Use Case P o= Gander / Target T Silhoutte  Style # = Upper Matesicl ! .
| === larbmce Typ= o E M aterl al
123 i
Integar - - :
¢ o= Outsole Moterial ¢ o= Closure Type Lo Colorwoy T Cushioning "-?Ih Releoce Dicie i G end er
bl o T o Technology
Y]
Drouble |
I =) iz Ronges B, = ion
o 3 Sho= Siz= Fang LISHD Re=g
Decimal

© Informatica. Proprietary and Confidential
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MDM Enhances GenAl RESPONSIBILITY

)\

\ Ground GenAl on Authoritative Business & Metadata Model

Se—==3

)‘@

Govern Regulatory-Sensitive Values Through Reference Data

Z;Z;: Enforce Human In The Loop in Entity Resolution

4\» Informatica



The ONLY True Multi-Domain (140+ Domains)

MDM Multidomain Extension for Retail

The ONLY

[ b et Address

Location

True Multi-Domain
140+ domains

Geo Location

—

Operating Hours

2

ships to Contact Person Qiinnliar l;ll — E

classification Fyerarchy og| —
subsupolier Address E E E

- ¢ v O |- |_| —

B2C B2B

(e :i Supplier l
Customer Asset L o }‘ _ Classifiey 2 ' o Con: Customer Customer
Organization —classified as

Product

Customer Segment

1
has

Customer Account individual .
& / Type/Subtype
Customer Occasion vid ’
Customer Product Preference Hf————for pioviies substitute ‘
e belong to category hierarchy Identifier
Customer Household Contact Preference
\
N

i 1

[ Address ] [ Phone ] [ Electronic Comm. ]

Description

Reference Supplier Location

Selling Price

Tags/ Keywords

]

Brand

Brand Hierarchy

Q Informatica © Informatica. Proprietary and Confidential.



nat is Reference Data and Why It Is Critical?

Origins

WHAT is it?

» Lookup Values

» Reference Codes

» Reference Hierarchies

HOW is it known?
« List of Values
« Code Tables
* Needs & Desires

WHO creates?

» Data Governance
* Business Owners
+ External Agencies

©
)
(1°]
(an]
Q
&)
Q
t &
Q
[ P
Q
(2
Q
2
t
o
P &
Q
)
c
LLl

WHAT else?

* Hierarchical

+ Relatively Static

* Multiple Versions
» Multiple Cardinality

Uses

WHERE?

Master data

* Customer Data
e Product Data

* Location Data...

Transactional data

Application data
« CRM
« ERP..

Interaction data

Almost any data

Impacts Influences
Reduce Risk :
........ Operational
. ; Efficiency
Improves Business
......... D D D
. Oooo
Intelligence ¥
-------- Enterprise
Compliance Reporting 13 APPS
Data Quality Kq
Customer
Productivity Experience
Sale & Marketing... §:§
| Compliance

“ Informatica




Govern Regulatory-Sensi

Public
Reference Data

Internal Applications

Rich
Reference Data

Reference Data
Mapping

(‘ Informatica

fl

AN

| ooy
e

\\ i’
i

ive Reference Data

Define | Govern Collaborate | Enrich | Distribute
L7
. Business Owner
{ \ \/‘; "{:T_‘
T N - m
Data Governance SME
oo Reference Improve - [~
nboardin : = reportin .
> A AN 4
s Management %
Data Stewards Business Compliance
(RDM) Ayt -
o 0
Compliance IT Vi
"'M"‘
Stakeholder
Acquire Standardize Enrich Manage Publish

© Informatica. Proprietary and Confidential.

Enterprise
Applications

Reporting

External Systems

Data
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Product Master & Reference Data Lookup Example

Enterprise Shoe Material (5)

Mame T

(] Engineerad Mesh
(] Knit Fabric

[*] Matural Leather
(] Rubber

(*] Synthetic Leather

Enterprise Shoe Color (B)

Mame T

(] Black
(] Blue

"] Crimson
(] Gray

[*] Orange
] White
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| Point in Time E‘D
Code Description
Enterprize TT Shoe Size vl (12) | Point in Time E]
ENG_MSH Lightweight, breathable mesh fz
KNIT Flexible, sock-like upper Name 1 Code
NATLEA Genuine leather (] UK Female 8.5 UK_FEMALE_85
RUB Outsole material for traction UK Fernale 9.0 UK_FEMALE 0
SYMN_LEA Durable leather substitute ] UK Female 9.5 UK_FEMALE_95
(7] UK Male 8 UK_MALE_8
-~ UK Male 8.5 UK_MALE_85
|_k Point in Time EI] ] UK Male 9 UK_MALE_9
| (] US Female 10 US_FEMALE_10
Code Description US Female 10.5 US_FEMALE_105
ELK Elack, Jet Black, Onyx ] US Female 11 US_FEMALE_11
BLU Blue, Navy, Royal Blue US MALE 9 US_MALE_9
CRIM Crimson, Deep Red, Ruby (] US Male 8.5 US_MALE_85
GRY Gray, Ash, Charcoal (] US Male 9.5 US_MALE 95
ORG Orange, Tangering, Blaze
WHT White, Snow, Pearl

Description

UK Women 8.5
UK Women 9.0
UK Women 9.5
UK Men 8

UK Male 8.5
UK Men 9

Us Women 10
Us Women 10.5
Us Women 11
Us Men 9

Us Men 8.5
Us Men 9.5

dependency

UK Female
UK Female
UK. Female
Uk Male
Uk Male
UK Male
US Female
US Female
US Female
US Male
US Male
US Male



Enforce Human In The Loop in Entity Resolution

Add Directed Al Match Rule

o Configure Properfies and Thresholds Add Required Fields Add Optional Fields Configure Field Properties
Propertie
Match Sirategy:* FUZDY -
Merge Strategy-* Threshold-based -
Metch Criterion* | Product v Threshold range for Manual Stewards
Maich Level:* Typical - Intervention to review the match results before
Description: merge is between 75 and 90%

e
Merge Threshold

0 - 74 ‘

43 - 20
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MDM Enhances GenAl AGILITY
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Golden Record Survivorship - Full Traceability and Trust

Rule Type:* Decay =

Applied To: PReduct Line / Series

Evaluate based an: O

Source System > Clear All

Trust Decay Graph

Gource Jystems l

Hospital source

Medicare
CRM

] Infarmatice Customer 340
[ SFDC
O

MPFES

Trust Decay Coenfiguration " Apply

Trust decay configuration will be applied to oll the
selected source systems.

(o |
[0 |

Maxdmum Trust Scoe: ™

tinimum Trust Score:®

Decay Unit:* Year -
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Synchronization of Golden Values Across Systems

Publishing Changes Across Sources

3. Co-existence Approach

Source Apps % Source Apps

g 4 E

Source Apps Source Apps
PP DL/DW/BI PP

» Credit to Gartner for proposing this set of approaches
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Push Changes in either Bulk, Incremental, or Continuous

Step 1

Bulk movement of data from one or more sources to targets

@ i Bulk Movement i
Source Data Target Database

Step 2

Incrementally take source changes and apply them to target

®| D] D] D] DD D] D]

Source Data Target Database

Step 3

Continuously take source changes and apply them to target

-

Target Database

-

Source Data




Superior Match Algorithm Tuning with Trust Framework

Reliability Recency Data Decay Rules Over-Rides Intelligence

Reliability of the Reliability of the What kind of data Validation rules to Manual adjustment Weighted system to
source data source data is it? downgrade trust after the fact assign trust scores
score

Informatica Trust Framework

Source Column . Validation
Score e Recency Algorithms Trust
Column Reliability Rules > Score
Applies an initial range of  Applies a calculation to Influences score with an Applies a business or
trust score to the column  the column based on algorithm data specific rule to !‘!
recency (a sequence of logic) adjust score 085
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Demo: Enhancing Chatbot w/ CDGC & MDM

Prompt 1 — V1 (basic chatbot)

Create a simple Python chatbot that

- Use a small in-memory list of products

- Ask clarifying questions until it narrows to a
few items

- Short and simple, no data controls

Prompt 2 — V2 (reinforced with enablers)

Now improve the chatbot by reinforcing it with
enterprise data structures.

1. Reference data

2. Master data

3. Metadata/taxonomy

4. Provenance/lineage

Prompt 3 — V3 (with CDGC + MDM)

Instead of hard-coding, rewrite the chatbot to

call APlIs:

- CDGC for metadata, taxonomy, glossary,
synonyms, and lineage.

- MDM for golden records, reference lists, and
matching rules.
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Create a simple Python chatbot
&2 Al ChatGPT Assistant

@ Hendrawirawan, David

[Analyze Image] This is an ontology of concepts related to a business term in CDGC.

{® InfaChatGPT

The image displays an ontology diagram representing the relationships between various concepts
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