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Housekeeping Tips

i < 8

Today's Webinar is scheduled for 1 hour

The session will include a webcast and then your questions will be answered live at the end of the presentation
All dial-in participants will be muted to enable the speakers to present without interruption
Questions can be submitted to “All Panelists”" via the Q&A option and we will respond at the end of the presentation

The webinar is being recorded and will be available on our INFASupport YouTube channel and Success Portal - where
you can download the slide deck for the presentation. The link to the recording will be emailed as well.

Please take time to complete the post-webinar survey and provide your feedback and suggestions for upcoming topics.

QI nformatiea
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https://success.informatica.com/explore/tt-webinars.html

Feature Rich Success Portal

do o ©)

Bootstrap trialand Enriched Customer
POC Customers Onboarding
experience
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More Information

Success Portal Communities & Support Documentation University

https://success.informatica.com https://network.informatica.com https://docs.informatica.com https://www.informatica.com/in/ser
vices-and-training/informatica-
university.html
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Safe Harbor

The information being provided today is for informational
purposes only. The development, release, and timing of any
Informatica product or functionality described today remain
at the sole discretion of Informatica and should not be relied

upon in making a purchasing decision.

Statements made today are based on currently available
information, which is subject to change. Such statements
should not be relied upon as a representation, warranty

or commitment to deliver specific products or functionality

in the future.




Agenda

1 CDW/DL Challenges and 9 CDW/DL Reference 3 Why Informatica ‘Cloud
DI Market Drivers Architecture Mass Ingestion’ and Use
Cases?
A Cloud Mass Ingestion - 5 Demo Summary and
‘Applications’ — Deep Call to Action

Dive
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Data Integration Market Drivers

Unprecedented Growth in Data Diversity & Volume, Emergence of Fusion Data
Teams, and Need to Accelerate Data Operationalization

= A Gyl

Data Diversity AIML projects Chronic shortage  Data Engineering Explosion in
(mobile, social, 10T) fail to deliver of data engineers  Democratization Data Volume

46 billion Only 21% Al 50% a.nnual 500 million 64.2
connected initiatives in growth in open business data zettabytes
devices production data engineering users of data per year
positions
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Businesses struggling with point solutions, complex
architecture, lack of resources, runaway costs

Complexity Resource Constraints Cost Overruns

of organizations don't have a complete year-over-year growth in the number of of organizations using cloud data management

architecture to manage end-to-end set of open data engineering positions will encounter budget overruns resulting in their
data activities questioning the value of using cloud services

» 75% of point products don't integrate and interoperate « Difficulty finding specialized skills fast « Difficulty predicting compute costs

« Data practitioners spend over 80% of their time + Lack of automationimpacting the ability to scale  Lack of visibility and control of users and usage
preparing data instead of analyzing the data « Lack of self-service access for non-tech users « Increasing data transfer costs
« ~50% of organizations challenged by data quality delaying rapid innovation

© Informatica. Proprietary and Confidential.
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Challenges at Various Stages of Data Management

How do | discover the data | need to How do | get disparate, real-time data
bring into the cloud? to the cloud? C
C Discover Ingest and Replicate

How do | keep track and govern data How do | ensure the data | am bringing

C across cloud and on-premises? into the cloud is high quality and usable?
Govern Cleanse C

Data Consumers

How do | get a 360 view of my customer, How can | protect and secure my high-risk
C partner and supplier data? data across the cloud environment(s)?
Master Secure C

( Informatica
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Challenges at Various Stages of Data Management

How do | get disparate, real-time data

C to the cloud? C
Ingest and Replicate

®

&)

Data Consumers

< &
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Informatica Data Management Cloud - Reference
Architecture for COW/DL
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Informatica Data Management Cloud - Reference
Architecture for COW/DL
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Xisting Data Ingestion Solutions Requires Hand-Coding And
on't Support All Ingestion Patterns

Requires Hand-Coding Doesn't Support All Ingestion Patterns

import org.apache.spark._ Tuple2(sqlContext.sql(Params.resolve("DROP TABLE IF EXISTS
import org.apache.spark.rdd._ “default’.'w8314020283544407639__1 )_lkp_source_| _newmap™,
import org.apache.spark.storage.StorageLevel._ "MM/DD/YYYY HH24:MI:55")), sqlContext.sql(Params.resolve("CREATE TABLE
import org.apache.spark.sql._ “default’.'w8314020283! joinlkp_lkp_source_| _newmap’ ('col0”
import org.apache.spark.sql.types._ DECIMAL(18, 2), “col1” STRING “col2” STRING) ROW FORMAT
import org.apache.spark.sql.functions._ SERDE hdfs://cdh52.v 314020283544407639//W8314020283544407639_COPY
import org.apache.spark.sql.functions.* iloinLkp_lkp_source_LockupTests_newMap' TBLPROPERTIES
import java.io._ C‘ columns.types'='decimal(18,2),string,string',
import java.sql.Timestamp ‘pwx.mapping file.path'=" /testPassiveEquiloinLkp_lkp_source_MAPPING_1204153312640770_1204153
import scala.reflect.ClassTag 976631823 bin', 'auto.purge'='true’, ".columns’='col0,col1,c0l2')", "MM/DD/YYYY HH24:MI:55")));
import org.apache.spark sql.catalyst expressions. Caster Tuple2(sqlContext.sql{Params.resolve("DROP TABLE IF EXISTS -
import org.apache.spark.sql.catalyst.expressions JavaCaster ::;:"';“ svg;‘ ""Ic e g kot _newmap'", "MM/DD/YYYY
import org.apache.spark.util.LongAccumulator ::E“:n ext.sql arams esalve .
import org.apache.spark.scheduler. SparkListener del';“;fl_nmg PR LOCAT\BN | _newmap’ (‘col0’ STRING,
i ol
by e petame i e 0 o TS N TS
EquiloinLkpTgt_LookupTests_newMap' TBLPROPERTIES ('.columns.types'='string,string',
object Spark0 { ‘pwx.mapping file. path'=' /testPassiveEquiloinLkpTgt_MAPPING_1204153304711020_12041540159301
76.bin’, 'pwx.skip.serialization'='true’, 'auto.purge'='true', '.columns'='col0,col1")", "MM/DD/YYYY
def main(s:Array[String]) { HH2AMISS™):
val sc = SparkContextLoader.getSparkContext a0 uprls antext sal(Params resoe(SELECT
:: ls:[C::::;tv::‘Dr::rgzztgzé:%er.gﬂsmwmeﬂ ‘wB8314020283 )t i _lkp_source_| _newmap'."col0’ as a0, .
! 1 4407639 i ‘ol
Is.relay{JP sparkConfTolson(sc.getConf)) ;:gg, raa o '::z':::::' '::m:;.:;:g:;. :: :;‘ D at a b a S e St re a m I n g
Is.ve!av{lP.hE(!.uupConl'l:lulsor:[sc.hadprunﬁ'umtion)] FROM “default’ w83 ey e o _lkp_source._| _newmap™,
vallls = new Listener{ls, "TAG") "MM/DD/YYYY HH24:MI1:55"))).tag("SRC__t taslPassiueEquilninLjp Ikp_source").itoDF);
sc.addSparkListener(lis) val v = v0{o);
sqiContext. i ing = new Taggi )rules valvz = vo(2);
val aces = Listl ol v3 = vO.groupBy(v1, v2) agg(v1, 2, lastvO(1, fase) toDF('m);
Is.relay{JP sparkAppDetailsTalson(sc.getConf, accs)) val vé = updateP ontext.sql(Params.resolve("SELECT
lis.accumulators = accs ‘w831 4407639_srcl_look ;_newmap’col0" as a0,
import sqiContext.implicits., ‘w83 7639_srcl | ;_newmap’.'coll’ as al,
import sqlContext.implici 'w8314020283544407639_src1_lookuptests_newmap'.'col2 as a2 FROM
import org.apache.spark.sql.functions.{stddev_samp, var_samp} “default’.'w831 )_srel_| _newmap"’, "MM/DD/YYYY
valicast = caster("MM/DD/YYYY HH24:MI:55") HH24: ")) tag("SRC_src1”).itoDF("d"), v3);

val acast = adapterCaster()

val S = vd join(v3, v3({0).<=>{v4(1)). &&(v3(1).<=>(v(2)}), "left_outer").itoDF;
val jcast = JavaCaster()

asBlock(sqlContext.sql(Params.resolve("INSERT OVERWRITE TABLE
“default’.’'w83140; _newmap' SELECT tbl0.c0 as

HE

try { a0, tbl0.c1 as a1 FROM tbI0' ‘MM/DD]WW HH24:MI:55"), v5. lseleﬂ(vS[D)y
Tuplez( sqlCentext sql(Params.resolve("DROP TABLE IF EXISTS V5(5)).itoDF("TGT_").tag('TGT_testPassiveEquiloinLkpTgt").itoDF("c").createOrReplaceTempView("thl0")

“default )_srel | _newmap™, "MM/DD/YYYY HH24:M1:SS")), ;

sqlcantext.sal[?arams. resolve("CREATE TABLE Yinally {

“default’,'w831 )_srcl | _newmap’ ('col0” STRING, "col1’ DECIMAL(18, 2), sqlContext.sql(Params.resolve("DROP TABLE IF EXISTS —

‘col2 STRING) ROW FORMAT LOCATION “default’.'w8314020283! )_1 _look _newmap'", "MM/DD/YYYY

hfs:// 2.ym. /wa: 7639_COPY_src1 L | HH24:MI:SS™));

ookupTests_newMap' TBLPROPERTIES (.columns.types'='string,decimal(18,2),string’, sqlContext.sql(Params.resolve("DROP TABLE IF EXISTS

‘pwx.mapping.file.path'='./src1_MAPPING_1204153139656796_1204153864551238 “default’. w8314020 )_t lkp_lkp_source_look _newmap"™, . . .

‘auto.purge’='true’, ".columns'="col0,col1,col2')", "MM/DD/YYYY HH24:MI:S5"))); "MM/DD/YYYY HH24:MI:55"); F | | e S Ap p I | Cat | O n S
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Informatica’s Data Ingestion and Replication Solution —
Cloud Mass Ingestion

v Step_by_step [&] Application Ingest ion Task : P
W i Za rd fo r @ oeviion G =vet Schedule and Runfime Opfions
. . ~ Definifion

designing and

. Name:* Task Name |
C re at | n g a n locafion:*  Defauk Browse |
A i~ F~~l,  RunimeEnvionmen:* Select an environment v G
ingestion task "

4

v Deployment,
scheduling, real- @ Q
time monitoring ' =

— and “feCyCIe Ingest in Real-Time
— - management Real-Time Monitoring

v Versatile out-of- = ooo
the-box connectivity (( > )> — \ sClE
to sources and —

Databases Streaming Files Applications
targets & CDC Sources

© Informatica. Proprietary and Confidential. G Informatica



Cloud Mass Ingestion (CMI)

Use Case Patterns

Data Lake Ingestion

* Mass ingestion of
application, on-premises
database content into a
cloud or on-premises data
lake

* Mass ingestion of files into
cloud and on-premises data
lakes

» Streaming and loT data
ingestion into a data lake

© Informatica. Proprietary and Confidential.

DB/DWH Replication/Data
Warehouse Modernization

« Mass ingestion of on-
premises database, data
warehouse, applications and
mainframe contentinto a
cloud data warehouse
(Snowflake, Synapse etc.)

 Synchronize ingested data
with Change Data Capture
(CDC) and applying

4B

Real Time Analytics

* Log files and clickstream
ingestion

« CDC ingestion
* loT data ingestion

» App change data ingestion

(‘ Informatica



Cloud Mass Ingestion

Services




oose the asset Iype you wani o create.

Application Ingesfion

File Ingestion
Task

Cancel
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Mass Ingestion Applications



Average Number of Apps per Customer, by Industry

Technology 99 122 133 155
L {
Media & Communications 10 14 124 133
[ L J
Education 107 19 122 126
Retail 76 96 12 120
o
Professional Services 65 67 85 116
o o
Insurance 58 67 94 105 2017
73 88 . ‘IO? 2018
Finance & Banking
L ] @ @ 2019
i 9394 9698

Manufacturing . 2020

Arts, Entertainment, & 8587 92 96

Recreation { N |

Healthcare & 55 66 81 96

Pharmaceuticals o { ]

Wholesale Trade 61 66 79 20
@ o
Construction, Engineering, 63 66 72 83
& Architecture o {
32 a4 54 77
Government
o o
Energy, Mining, Oil, & Gas 41 48 5254
o0
20 40 60 80 100 120 140 160
Number of Apps Note: Data includes Okta Integration Network (OIN) and non-OIN, personal and corporate apps.
Mote: Not all industries are represented.
®
© Informatica proprietary and Confidential Source: https://www.okta.com/sites/default/files/2021-03/Businesses-at-Work-2021.pdf ‘ Info rl I Iatlca




Cloud Mass Ingestion - Applications

, , Cloud Targets
Informatica Intelligent Targets

Provides Application ingestion Cloud Services
capabilities as part of IICS Mass

Ingestion service

Snowflake
Azure Synapse, ADLS Gen2
Amazon Redshift, S3

=

Data Data
Warehouses Lakes

Ingest data from SaaS and on-prem
applications like Salesforce, SAP ECC and
Dynamics 365. Also supports schema
drift for supported applications

Real-time monitoring of ingestion SlEls Kafka, Confluent Kafka,

jobs with. Iife.cycle management Oooo Azure Event Hub
and alerting in case of issues P

On-premise Apps

Secure Agent

(Linux/Windows) e, > >

Orchestrate Application data ingestion Do0
in hybrid / cloud as managed and K]
: Sources
secure service
SaaS Apps Salesforce, SAP ECC and

Microsoft Dynamics 365

On-Premises Sources
20 © Informatica. Proprietary and Confidential. Q Informatica



21

Mass Ingestion Applications —

Key Use Cases

 Analytics offload from SaaS application & DW

consolidation

» Advanced Analytics on Application Data

- Initial & change data ingestion, apply changes,

schema drift, near real time ingestion

» Real time process automation & action

operationalization (for App modernization)

- CDC data ingestion onto Messaging Systems

- Integration with CAl and CIH for downstream

consumption*

- Task flow Integration for downstream
processing*

© Informatica. Proprietary and Confidential.

*roadmap

Informatica Intelligent
Cloud Services

ooo
ooo
g

On-premise Apps
Secure Agent

(Linux/Windows)
gooo
54

SaaS Apps

Cloud Targets

Data offload and
Advanced
Analytics

Data Data
Warehouses Lakes

Real time Process
Automation and
Operationalization

Messaging Storage




Efficient Capture and Ingestion of CDC Data

Salesforce_Snowflake__combined

o Definition @ Source @ Target @ Schedule and Runtime Options

¥ Definition

AT Tabl
'* EEE ables
- Salesfo Snowflak bined | Source Target ] ]
Name: alesforce_Snowflake__combine Type: Microsoft Dyna... ypes: Snowliake Clou... Running Total
MName: MSD365_AP... Mame: dbmi_sf_R
Location:* R38_DEMO _ _—
Runtime Environment:* | USWPF2R1VJK-AAD |.| \@
Description: Description
5~ Job Overview Obiject Detail Alerts
Load Type: | Initial and Incremental Loads | - | liems (1) Updated 10,/1 /2021, 11:54:59 Pi \L/l\' ? ‘ Find
Initial Load Table Name Target Object Status Log
Incremental Load
¥ MSD365.crlcs_all_dis PADMINLSD_MD_crlc6_all_dis © running Select log |+ L
Initial and Incremental Loads
Inserts: 3 Updates: 0
Deletes: 0 LOBs: 0

Efficient change data collection from source system and applies
the changes onto the target

© Informatica. Proprietary and Confidential. (‘ Informatica




Automatically Addresses Schema Drift at the Source

Salesforce_Snowflake__combined | <Back ‘ ‘ Next > H Save || View || Deploy || e

1Y . a2 2 . c
(1) Defnition (7)) Source  (3) Target () Schedule and Runiime Opiions

¥ Schema Drift Options !

Salesforce_Snowflake_combined

Add Field:* Replicate
Modify Field: * Replicate . . Famn N . .
(1 ) Definition [ 2 ) Source [ 3 ) Target Schedule and Runtime Options
N N S N
Drop Field:* | Ignore
Rename Field:* | Ignore ; .
¥ Schema Drift Optfions
dvanced

Add Field:* Replicate v
ber of Rows in Output Fil

Modify Field:* Ignore
Schedule Replicnie

Drop Field:*

opne Stop Job
»  Cusiom Properties
Rename Field:* Stop Object
¥ Advanced

Schema drift recognizes changes on the source application schema
and automatically processes and applies the changes

© Informatica. Proprietary and Confidential. G Informatica



Informatica

Running Jobs

All Jobs

Mass Ingestion
Import/Export Logs
File Tramsfar Laga
Source Control Logs

Job: allindexOn

>

Source
Type: Oracle

Name: srao_oral22_...

Real time monitoring

Target

Type: Snowflake
Name: srao_sf_rh5

19

Running

Tables

19

Toral

Job Overview Object Detail Alerts
Irems(19) Updated 5:30:06 M S | Find

Object Target Object Stage State Log

¥ AUSQA.ORL628_SRC_BK SRAQ.ORL628_SRC_BK Mormal © ruming Stage Log oy H
LOBs: 0 Delatas: 50

Inserts 25 Updates: 250

Unload Counr: 50 DDL starements: 0

b AUSQA.ORL604_SRC_8K SRAO.ORL604_SRC_BK Normal © ruming Stage Log oy H
> AUSQAORL626B_SRC_8K SRAC.ORL&26B_SRC_EK Nomal © roming Stage log oy H
> AUSQAORLS2]_SRC_8K SRAC.ORL62]_SRC_8K Normal © running Stage log by H
> AUSQAORL&05_SRC_BK SRAC.ORL&05_SRC_8K Normal © roming Stage log oy H
> AUSQA.ORL620_SRC 8K SRAC.ORL620_SRC_8K Nomal © roming Stage Log oy H
P AUSQA.ORL603_SRC_8K SRAQ.ORL603_SRC_BK Mormal © ruming Stage Log oy H
»  AUSQAORL602_SRC_8K SRAC.ORL&02_SRC_8K Nomal © roming Stage log oAy H
b AUSQA.ORL622_SRC_BK SRAO.ORL622_SRC_BK Normal © running Stage Log oy H
B ALISOA ORIAYR SRC ARK SRAMN OIRIAZ?T SRC RK Normal “ Runninn Stana lon L H

© Informatica. Proprietary and Confidential.
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Out Of The Box Native Connectivity

§ Google Analytics

Secure Scalable Maintenance free

servicenow
zendesk

© Informatica. Proprietary and Confidential.

and many more...
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databricks
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Why Informatica Cloud
Mass Ingestion?

Build Data Ingestion
Jobs in Minutes

|:| |:| C | O u d M a S S | n g e St i O n Salesforce_Snowflake_Replication
o Definition @ Source @ Targer @ Schedule and Runtime Options
| * Definition
Name:* Salesforce_Snowflake_Replication |
(%i\' Location:* Defauls Browse
. L. Runtime Environmenr:* imvw 19pam 14 | - {_—1
S p ee d S l m p | l C Ity Descripfion: The rask will ingest and synchronize
Salesforce data inta Snowflake P
— e o ik ondncromeneionds |-
% @ Build data ingestion jobs in minutes with a simple,
Flexibility easy to use 4-step wizard-based experience

(‘ Informatica



Why Informatica Cloud
Mass Ingestion?

Simplify your
Data Ingestion Tasks

HH§ Cloud Mass Ingestion

New )

Choose the asset type you want o create.

Applicafion Ingestion Database Ingestion File Ingestion Streaming Ingestion
Task Task Task Task
E =

Simplicity

|
@ Simplify data ingestion with a single,
50% unified cloud-native data ingestion solution
with out-of-the-box connectivity
Flexibility
Q Informatica




Why Informatica Cloud
Mass Ingestion?

HH§ Cloud Mass Ingestion

& | &

Speed Simplicity

X% | &

Flexibility

Data Ingestion
at Scale

Ingest terabytes of any data,
any pattern, at any latency at scale
in real-time and batch with no data limit

(‘ Informatica



Why Informatica Cloud
Mass Ingestion?

HH§ Cloud Mass Ingestion

&

&

Speed Simplicity

X% | &

Flexibility

Flexibility to Track, Capture
and Update Changes

. lesforce to Snowflake Repli Salesforce_Snowflake__combined
Def So
© oiver - - () Defuiton  (2) Soure () Torger () Schd
ma Drift Options
quququ [ salesforca o Snowllake Replication |
uuuuuu -m d Field \ eplicate ‘ ‘

me me | 29f8i7164al [~

dify Fiel
‘ o st and synchrori ‘

esfo Field:
\

Rename Field:*

Track, capture, and update changed data
in real-time with automatic schema drift support
to accelerate application replication
and synchronization use cases

(‘ Informatica




0%

o0

Cloud Native

. Connectivity
Ingestion

« Unified service for ingestion On-prem database and CDC

from various sources « On-prem and cloud files

 Orchestration for ingestion

,  |oT and streaming
from variety of patterns

» Support for CDC and * Cloud data lakes, data
Schema Drift warehouse and messaging
hub
30 © Informatica. Proprietary and Confidential.

o

Wizard-driven
Design

» Simple, easy-to-use wizard
» Edge transformations

* Intent-driveningestion

Real-time
Monitoring
 Pictorial view of the
ingestion job

* Real-time flow
visualization

+ Lifecycle management

( Informatica



Free 30-day Trial

https://www.informatica.com/trials/data-ingestion.html

31 © Informatica. Proprietary and Confidential.
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